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often store this information in a transmission tree, where individuals are represented by nodes, and

disease transmission by branches. From these trees, one can calculate key statistics like R, the Question 2: What is the quantitative contribution of superspreading to
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CONCLUSIONS

* Transmission trees contain valuable information about specific pathogen outbreaks, which is costly

superspreader. Overall cases were defined as all individuals for whom their common infection

“ancestor” was the superspreader. They were infected as a result of the superspreader infecting to collect. Our database standardizes tree format, allowing for greater comparative analyses.

others, even if several generations later.

DATABASE SUMMARY

* Understanding factors associated with increased outbreak size may help predict the extent of
outbreaks in the future and lead to more effective preventative measures.
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